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Abstract: This research investigates the relationship between electronic word of mouth (eWOM) and consumer 
purchasing intention on e-commerce websites. To achieve this objective, the study synthesizes insights from established 
marketing literature on user-generated content and purchase intention to develop a novel conceptual framework. 
Employing a quantitative research design, data were collected through surveys administered to visitors of e-commerce 
platforms. The findings from path analysis reveal that key dimensions of eWOM, such as information quality, information 
credibility, and information adoption, significantly influence purchase intention. 
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1. INTRODUCTION 

Electronic Word of Mouth (eWOM) is pivotal in 

influencing consumer purchasing behavior in the 

contemporary digital landscape. eWOM encompasses 

exchanging information and opinions about products, 

services, or brands through online platforms. With the 

proliferation of social media, online reviews, and 

recommendations, eWOM has emerged as a formidable 

force shaping consumer decisions (López & Sicilia, 2014). 

In contrast to traditional advertising or company-

provided information, eWOM is notably more impactful 

due to its extensive reach and dissemination (López & 

Sicilia, 2014). 

The internet has been instrumental in amplifying the 

influence of eWOM, often surpassing the effects of direct 

company communication on consumer decision-making 

processes (Pourabedin & Migin, 2015). This impact is 

particularly pronounced in the tourism and hospitality 

sectors where intangible qualities and interpersonal 

interactions characterize offerings. Within these 

industries, eWOM heavily relies on personal experiences 

to shape consumer behavior (Litvin et al., 2008; Wu, 

2013). 

the emergence of social media platforms has 

revolutionized eWOM by fostering communication and 

opinion-sharing within user networks. This heightened 

connectivity reduces anonymity and enhances the 

credibility and reliability of shared information. 

Discussions about specific brands on social media 

platforms naturally affect consumers' purchase 

intentions (Chu & Kim, 2011; Wallace et al., 2009). 

However, the overwhelming quantity of information 

presents a challenge, as consumers must critically assess 

and filter the eWOM they encounter. Investigating the 

nuanced interplay between eWOM and consumer 

purchase intentions, especially within the context of 

social media, remains a vital area for further exploration 

(Erkan & Evans, 2016). 

This research aims to analyze the effect of eWOM on the 

purchase intentions of Moroccan customers using an e-

commerce platform. The study utilizes the Information 

Adoption Model (IAM) to explore the linkage between 

eWOM and purchase intentions within the e-commerce 

environment. 

2. THEORICAL CONTEXT AND RESEARCH 

HYPOTHESIS 

2.1. The Electronic Word of Mouth (Ewom) 

And Its Effects 

The emergence of the internet has brought about a 

transformative shift in how communication and 

information are shared, marking a progression from the 

traditional concept of word-of-mouth (WOM) advertising 

(Torlak et al., 2014). This transformation has given rise to 

the electronic form of word of mouth (eWOM), which 

encompasses customer-generated statements that are 

readily accessible online (Hennig-Thurau et al., 2004). 

eWOM has revolutionized content creation, with online 

communities producing various formats such as photos, 

videos, and text across multiple platforms (Bickart & 

Schindler, 2001; C. M. K. Cheung & Thadani, 2012). 

Research has consistently highlighted eWOM's critical 

influence on shaping customer preferences and 

behavioral intentions (Pedersen et al., 2014; Severi et al., 

2014; Torlak et al., 2014). 

In the past, customers primarily depended on information 

from family and close acquaintances to purchase. 

However, the advent of the internet and its diverse 

platforms now enables customers to seek opinions from a 

broader audience, including individuals they do not 

personally know. Online reviews and feedback play a 

crucial role in shaping customer attitudes and 

significantly influence their purchase intentions (Mehyar 

et al., 2020). 

2.2. Online Purchase Intention 

Purchase intention refers to the likelihood that customers 

will decide to buy a particular product or service (Tien et 

al., 2019). The rapid growth of the internet has 

empowered customers with access to extensive 

electronic word-of-mouth (eWOM), allowing them to 

share experiences and opinions, thereby influencing 

others' purchase intentions and bridging information 

gaps (Liaw et al., 2022). eWOM has been widely 

recognized as a critical factor in shaping product and 

service choices (Brown & Reingen, 1987; Herr et al., 

1991). Therefore, understanding customer purchase 

intention is a key priority for companies, as it significantly 

influences consumer behavior (Kudeshia & Kumar, 2017). 

Positive eWOM, known for its impact on purchase 

intention (Erkan & Evans, 2016), becomes influential 

when customers perceive it as credible, valuable, and 

acceptable and subsequently adopt it (Al-Haddad et al., 

2022). Research has consistently demonstrated a strong 

link between word-of-mouth (WOM) and purchase 

intention across various social media platforms (Al-

Haddad et al., 2022; Erkan & Evans, 2016; Tien et al., 

2019; Yaseen & Mat Jusoh, 2021) as well as in specific 

contexts such as the cosmetics industry (Fathima Nushra 

& Mubarak, 2022) and the restaurant sector (Yan et al., 

2018). 

2.3. The Information Adoption Model (IAM): A 

Conceptual Framework for Understanding 

Information Processing in Digital 

Environments 
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Sussman and Siegal's Information Adoption Model (IAM) 
(2003) describes how individuals integrate information in 
digital communication contexts. It combines the 
Elaboration Likelihood Model (ELM) and the Technology 
Acceptance Model (TAM) into a framework that discusses 
the cognitive and behavioral elements of information 
evaluation. The ELM (Petty & Cacioppo,1986) proposes 
two routes to persuasion. Firstly, the Central route, which 
is the route that carefully assesses the quality of an 
argument and involves both motivation and thinking. 
Secondly, the peripheral route, which represents a 
superficial approach where persuasion is based on cues 
such as the source's credibility or the number of 
arguments, without requiring much cognitive effort from 
the recipient. 

 

These paths correspond to the IAM's argument quality-
central route and source credibility peripheral route. The 
model also incorporates TAM's perceived usefulness and 
perceived ease of use to explain the technological factors 
that influence information adoption. 
IAM has also been widely applied in the study of electronic 
word-of-mouth, which researched how online information 
shapes behavior (Cheung et al., 2008; Shu & Scott, 2014). 
Against this backdrop, critics have argued that IAM 
emphasizes information quality and credibility too much. 
To overcome the limitation of IAM, several scholars such 
as Erkan and Evans (2016), incorporated the Theory of 
Reasoned Action, TRA, into their models to better account 
for behavioral responses and purchase intentions. 

2.4. Research Hypothesis 

The current literature provides extensive evidence of the 

relationship between electronic word-of-mouth (eWOM) 

and purchase intention. Research works (e.g., Al-Haddad 

et al., 2022; Erkan & Evans, 2016; Fathima Nushra & 

Mubarak, 2022; Mehyar et al., 2020; Tien et al., 2019) 

highlight a direct relationship between eWOM and 

purchase intention. 

Building on these insights, this study proposes a series of 

hypotheses, as depicted in Figure 1. These hypotheses 

address various facets of participation, such as seeking 

information, sharing information, demonstrating 

responsible behavior, and engaging in personal 

involvement interactions. 

H1: Purchase intention is significantly influenced by the 

credibility of the information. 

H2: Purchase intention is significantly influenced by the 

quality of the information. 

H3: Purchase intention is significantly influenced by the 

utility of the information. 

H4: Purchase intention is significantly influenced by the 

adoption of the information. 

3. METHOD 

3.1. Research Design 

The structural equation model (SEM) was utilized as the 

primary methodology to evaluate the research 

hypotheses. This quantitative technique involved 

collecting data through a survey (Appendix 1), which was 

subsequently analyzed using path analysis. Path analysis 

is a statistical method designed to estimate the strength 

of relationships between variables and uncover causal 

links (Lleras, 2005). This approach has been extensively 

adopted in prior research on electronic word-of-mouth 

(e.g., Al-Haddad et al., 2022; Erkan & Evans, 2016; 

Fathima Nushra & Mubarak, 2022; Mehyar et al., 2020; 

Tien et al., 2019). In the present study, SEM was employed 

to investigate the proposed relationships, focusing on the 

role of eWOM in shaping purchase intentions. 

3.2. Measurement Development 

The measurement tools used in this study were adapted 

from well-established and validated scales cited in 

previous research. These instruments were customized to 

suit the Moroccan context and were exclusively designed 

for this investigation. A five-point Likert scale ranging 

from "strongly disagree" (1) to "strongly agree" (5) was 

utilized to measure the constructs. 

Information quality was assessed using scales developed 

by Bailey and Pearson (1983) and Park et al. (2007), while 

information credibility was evaluated using the 

framework established by Prendergast et al. (2010). 

Similarly, the measurement of information usefulness 

was based on the scales provided by Bailey and Pearson 

(1983) and Sánchez-Torres et al. (2018). The dimensions 

of information adoption were measured using 

instruments developed by Cheung et al. (2008) and Fang 

(2014), with respondents rating these dimensions on a 5-

point scale. 

Purchase intention was assessed using the scales 

proposed by Prendergast et al. (2010). The use of a 5-

point scale was chosen deliberately to align with prior 

research (e.g., Al-Haddad et al., 2022; Erkan & Evans, 

2016; Fathima Nushra & Mubarak, 2022). Additionally, 

Revilla et al. (2014) highlight that 5-point scales tend to 

generate higher quality data compared to those with 

more response options, further supporting this choice. 

FIGURE  1. THE THEORICAL FRAMEWORK PROPOSED FOR 

THE STUDY 
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3.3. Sample and data collection 

The study focused on individuals with prior online 

shopping experience. To ensure the questionnaire was 

clear and comprehensible, it was initially tested with a 

small sample of 60 participants. Following edits, the 

finalized survey was distributed online over 9 weeks 

using a convenience sampling method. To enhance data 

accuracy, screening questions based on 

recommendations by Lee and Kim (2010) were included 

at the start of the survey. These questions were designed 

to identify participants who had previously made online 

purchases and engaged with product reviews or 

comments. Only those meeting these criteria were 

included in the analysis. 

The final version of the survey remained accessible on 

online platforms for 9 weeks, from July 19, 2024, to 

September 21, 2024. A total of 302 responses were 

gathered; however, 15 were excluded due to incomplete 

or missing information. This resulted in a final sample size 

of 287 respondents, achieving a response rate of 95.03%. 

3.4. Data Analysis 

For the analysis of the data, this study utilized IBM SPSS 

version 25 to conduct exploratory analysis, focusing on 

principal component analysis (PCA). PCA is a widely 

applied technique for managing extensive datasets, and it 

is often recommended by scholars as an essential tool for 

the initial purification of data. It assists in identifying 

underlying latent factors within scales, thereby ensuring 

the accuracy and reliability of the measurement 

instruments (Gerbing & Hamilton, 1996). This step is 

crucial for refining the data by simplifying its structure 

and uncovering the factors that contribute to the 

observed variance. 

After completing the exploratory analysis, the study used 

a structural equation model (SEM) to assess the 

measurement and structural models. SEM is an advanced 

statistical method that enables the simultaneous 

evaluation of complex relationships between observable 

and unobservable variables. This analysis was carried out 

using Amos version 25, a tool well-suited for conducting 

path analysis and validating models. This combination of 

methods allowed for a comprehensive evaluation of the 

proposed hypotheses, reinforcing the goodness of the 

results. 

4. RESULTS 

4.1. Demographic Information 

The demographic profile of the study's sample, 

comprising 287 respondents, revealed that 39% were 

male (112 participants), while 61% were female (175 

participants). The largest age group represented was 

between 18 and 24 years, accounting for 67% of the 

sample, followed by 23% in the 25 to 34-year range. In 

terms of educational attainment, approximately 18% of 

respondents had a baccalaureate degree, 28% held a 

bachelor’s degree, and the majority, 51%, had completed 

a master’s degree. 

Regarding employment status, most participants were 

students (51%), followed by employees (44%), officials 

(4%), and freelancers (1%). Additionally, 72% of the 

respondents reported making at least three online 

purchases. For further details, refer to Table 1. 

Table 1. Demographic characteristics of the 
respondents (n=287). 

Item frequency percentage  

Sexe     

male 112 39 

female 175 61 

Age     

18-24 192 67 

25-34 66 23 

35-44 29 10 

Education     

Baccalaureate 52 18 

License/bachelor 83 28 

Masters  146 51 

Ph.D. 6 2 

Occupation      

Student 146 51 

Employee 126 44 

Official 12 4 

Freelancer 3 1 

Online purchase frequency     

1 33 11 

2 49 17 

3 78 27 

More than 3 127 44 

 

4.2. The Measurement Model 

The data analysis process began with an exploratory 

factor analysis (EFA) to identify the underlying factors 

within the dataset. This step was followed by a 

confirmatory factor analysis (CFA) to validate the 

measurement model and evaluate the estimated 

correlations among the constructs. Following these initial 

analyses, the study's hypotheses were tested using IBM 

SPSS Amos, a statistical software designed for structural 

equation modeling and hypothesis validation. 
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4.2.1. Adjustment Of the Measurement Model 

and The Index 

To ensure the unidimensionality and internal consistency 

of the constructs, an exploratory factor analysis (EFA) 

was carried out. This step was essential as the items for 

each construct were adapted from prior studies to suit the 

specific context of this research. Subsequently, a 

confirmatory factor analysis (CFA) was conducted to test 

the predefined assumptions about the relationships 

between observed indicators and their corresponding 

latent constructs. This procedure aimed to refine the 

measurement model and achieve acceptable goodness-of-

fit indices. 

The reliability of all scales was confirmed through 

Cronbach's alpha, with values exceeding the 

recommended threshold of 0.7 (Nunnally, 1978) and 

ranging from 0.786 to 0.921. Similarly, the composite 

reliability (CR) values for all constructs were above the 

recommended minimum of 0.7 (Fornell et al., 1996), 

ranging between 0.784 and 0.940. Detailed results can be 

found in Table 2. 

4.2.2. Convergent Validity and Discriminant 

Validity 

To confirm convergent validity, the study evaluated the 

average variance extracted (AVE) alongside each item's 

contribution to its respective construct.  

 

Table 2.  Mean, standard deviation, Cronbach's alpha, composite reliability and average variance extracted 

Component Mean ST.Dev Cronbach’s α CR AVE Square Root 
of the AVE 

Information quality 3.30 1.003 0.786 0.784 0.548 0.740 

I think that the review/comment on the 
web site is clear. 

2.23 1.231 
    

I think that the review/comment on the 
web site is easy to understand. 

3.45 1.124 
    

In general, I think that the quality of 
each review/comment on the web site is 
high. 

3.23 1.238 
    

Information credibility 3.53 1.116 0.910 0.911 0.719 0.848 

I think that the reviews/comments on 
the web site are convincing. 

3.5 1.232 
    

I think that the reviews/comments on 
the web site are strong. 

3.43 1.205 
    

I think that the reviews/comments on 
the web site are credible. 

3.64 1.216 
    

I think that the reviews/comments on 
the web site are accurate 

3.55 1.370 
    

Information usefulness 3.87 1.025 0.887 0.889 0.729 0.854 
I think that the reviews/comments on 
the web site e are generally useful. 

3.73 1.089 
    

I think that the reviews/comments on 
the web site are generally informative 

4.12 1.076 
    

I think that the reviews/comments on 
the web site provide valuable 
information. 

3.76 1.233 
    

Information adoption 3.98 0.906 0.886 0.932 0.775 0.880 
I think that the review on the web site 
contributed to my knowledge of the 
product discussed. 

4.01 1.054 
    

I think that the review on the web site 
made it easier for me to make my 
purchase decision. 

3.90 0.977 
    

I think that online reviews/comments 
improve my efficiency in making a 
purchasing decision 

4.07 1.066 
    

I think that the review on the web site 
motivated me to take purchasing action. 

3,93 1,096 
    

Purchase Intention 3.72 1.018 0.891 0.889 0.728 0.853 

I think that it is very likely that I will buy 
the product. 

3.74 1.099 
    

I think that I will purchase the product 
next time I need a product. 

3.73 1.101 
    

I think that I will definitely try the 
product. 

3.68 1.168 
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As shown in Table 2, the AVE for all constructs surpassed 

the minimum acceptable threshold of 0.50, thereby 

affirming convergent validity (Bagozzi & Yi, 1988). This 

indicates that the constructs effectively capture the 

variance shared with their indicators. 

Discriminant validity was assessed by comparing the 

square root of the AVE for each construct with its 

correlation values. The results revealed that the square 

root of the AVE for each construct was greater than its 

correlations with other constructs, fulfilling the criteria 

for discriminant validity (Fornell et al., 1996). Thus, 

discriminant validity was successfully established for all 

constructs. 

4.3. Structural Model 

4.3.1. Structural Model Fit Index and Correlati 

Several model fit indices were employed to assess the 

measurement model and its relationships, including chi-

square (χ²), degrees of freedom (DF), adjusted goodness 

of fit index (AGFI), goodness of fit index (GFI), root mean 

square error of approximation (RMSEA), comparative fit 

index (CFI), Tucker-Lewis index (TLI), and root mean 

residual (RMR). The results indicated a satisfactory model 

fit, as evidenced by a reasonable chi-square to degrees of 

freedom ratio (201.103). Both AGFI (0.912) and GFI 

(0.935) exceeded the recommended threshold of 0.9, 

affirming the model's adequacy. The RMSEA value (0.043) 

suggested a good fit, as values below 0.05 are considered 

ideal. Furthermore, the CFI (0.957) and TLI (0.962) values 

further validated the model's fit. 

Correlation analysis (refer to Table 3) revealed 

statistically significant relationships (r > 0.05) among 

variables. The strongest correlation was observed 

between "information usefulness" and "information 

credibility" (0.811), while the weakest correlations were 

identified between "information adoption" and 

"information quality" (0.399) and between " Information 

quality " and " Information credibility" (0.407) (see Table 4 

for details). 

 

 

 

 

 

 

 

 

 

 

4.3.2. Hypothesis Testing 

The measurement model was converted into a structural 

model to examine the hypotheses provided in this study. 

The conceptual model depicted in Figure 1 delineates the 

interrelationships among various constructs, 

including“information quality,” “information credibility,” 

“information usefulness,” “information adoption,” and 

“purchase intention.” Additionally, the model elucidates 

the nexus between electronic word-of-mouth (eWOM) 

components and purchase intention, mediated by trust. 

In the study's final phase, hypotheses were tested 

utilizing Amos and SPSS (see Table 5). Regression analysis 

results revealed a positive and statistically significant 

relationship between “information quality” and 

“purchase intention” (β = 0.169, t = 2.127), providing 

support for H1a. Moreover, the findings indicated a 

positive and significant link between “information 

credibility” and “purchase intention” (β = 0.389, t = 

4.288), supporting H1b. 

However, the analysis unveiled a non-significant 

relationship between “information usefulness” and 

“purchase intention” (β = 0.157, t = 1.441), contradicting 

H1c. Furthermore, the path between “information 

adoption” and “purchase intention” was significant (β = 

0.405, t = 4.875), supporting H1d. 

  
Table 4.  Results of correlation 
 Information 

quality  
Information 
credibility 

Information 
usefulness 

Information 
adoption 

Purchase 
Intention 

Information quality  1     

Information credibility 0.407 1    

Information 
usefulness 

0.500 0.811 1   

Information adoption 0.419 0.510 0.694 1  

Purchase Intention 0.428 0.553 0.230 0.587 1 

Table 3. Goodness-of-fit measures. 
 
χ 2 201.103 

DF 186 

AGFI 0.912 

GFI 0.935 

REMSEA 0.043 

CFI 0.957 

TLI 0.962 

RMR 0.042 
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5. DISCUSSION AND CONCLUSION 

The primary objective of this research was to examine the 

influence of electronic word-of-mouth (eWOM) on 

purchase intention withing e-commerce sector in 

Morocco. The study contributes to the existing knowledge 

regarding user-generated content in the e-commerce 

industry. Drawing from the empirical findings presented 

earlier, this study offers distinct theoretical and 

managerial implications, which are outlined below. 

5.1. Implications For Theorical Researches 

Previous studies (e.g., Al-Haddad et al., 2022; Erkan & 

Evans, 2016; Fathima Nushra & Mubarak, 2022; Mahmud 

et al., 2020; Tien et al., 2019) have highlighted the 

influence of online word-of-mouth (eWOM) on customer 

purchase intention. However, our study specifically 

focused on examining the outcomes of eWOM within an e-

commerce website. We empirically identified the 

consequences of eWOM and illustrated them in a 

conceptual model. The measurement model received 

support from the empirical data, and the analysis 

demonstrated the strong performance of the structural 

model. 

The results of our study confirmed the positive direct 

impact of information quality, information credibility, and 

information adoption on purchase intention. These 

findings align with previous research in the eWOM 

literature (Al-Haddad et al., 2022; Erkan & Evans, 2016; 

Tien et al., 2019), emphasizing the significant influence of 

eWOM on purchase intention. However, it is worth noting 

that information usefulness was the only component that 

did not show a significant impact on purchase intention.  

Despite the importance of providing useful information to 

consumers in driving purchase intention, various factors 

such as information overload, lack of trust in the source, 

different priorities, emotional factors, and competing 

information sources can hinder its effectiveness. 

Consequently, e-commerce platforms and sellers should 

be aware of these potential barriers and address them in 

their marketing strategies. 

 

 

 

 

 

 

 

 

 

5.2. Implications For Managers 

The influence of electronic word-of-mouth (eWOM) on 

purchase intention offers essential managerial insights 

for enhancing customer acquisition and loyalty. 

Businesses can foster positive eWOM by prioritizing 

exceptional customer service, delivering high-quality 

products, and actively engaging with consumers on digital 

platforms (Tien et al., 2019). 

Establishing a proactive online presence, addressing 

customer feedback promptly, and utilizing social media to 

highlight positive experiences can build trust and 

strengthen purchase intention. Encouraging customers to 

share their experiences through loyalty rewards or 

recognition programs and promoting user-generated 

content can further amplify the impact of eWOM. 

Additionally, leveraging data analytics to interpret 

customer feedback enables businesses to refine products 

and services and align marketing strategies with 

favorable eWOM narratives. By integrating these efforts 

into customer relationship management systems, 

companies can consistently drive positive eWOM, 

ensuring a sustainable competitive advantage. 

6.  LIMITATIONS AND DIRECTIONS FOR 

FUTURE RESEARCH 

Firstly, the study's sample size and population 

representativeness may present constraints. For 

example, the sample may be skewed toward specific age 

groups or geographic regions, potentially limiting the 

applicability of the findings to broader populations. 

Secondly, the research model was exclusively tested on e-

commerce websites, leaving room for further 

investigation on other platforms such as social media or 

brand websites to expand its applicability. Lastly, the 

study does not fully address contextual factors that might  

influence the interplay between eWOM, and purchase 

intention. Variables such as the nature of the product or 

service, customer involvement levels, and the competitive 

market environment could alter the impact of eWOM on 

purchase behaviors. 

Table 5.  Hypotheses test    

Hypotheses Hypotheses paths β T-value P-value Results 

H1 IQ→PI 0.169 2.127 0.033 Supported  
H2 IC→ PI 0.389 4.288 *** Supported 
H3 IU→ PI 0,157 1,441 0.15 Not Supported 
H4 IA→ PI 0.405 4.875 *** Supported 
***P < .001      
IQ= Information quality; IC= Information credibility; IU= Information usefulness; IA= Information adoption; 
PI= Purchase intention 
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Addressing these limitations in future studies could 

provide a more comprehensive understanding of the 

dynamics of eWOM across different contexts and 

platforms. 

 

REFERENCES  

Ajzen, I. (1985). From Intentions to Actions : A Theory of 

Planned Behavior. In J. Kuhl & J. Beckmann (Éds.), Action 

Control : From Cognition to Behavior (p. 11‑39). Springer. 

https://doi.org/10.1007/978-3-642-69746-3_2 

Al-Debei, M. M., Akroush, M. N., & Ashouri, M. I. (2015). 

Consumer attitudes towards online shopping : The effects 

of trust, perceived benefits, and perceived web quality. 

Internet Research. 

Al-Haddad, S., Ahmad Sharabati, A.-A., Harb, L., Husni, A., 

& Abdelfattah, M. (2022). E-WOM and consumers’ 

purchase intention : An empirical study on Facebook. 

Innovative Marketing, 18(3), 149‑158. 

https://doi.org/10.21511/im.18(3).2022.13 

Bagozzi, R. P., & Yi, Y. (1988). On the evaluation of 

structural equation models. Journal of the Academy of 

Marketing Science, 16(1), 74‑94. 

https://doi.org/10.1007/BF02723327 

Bailey, J. E., & Pearson, S. W. (1983). Development of a 

Tool for Measuring and Analyzing Computer User 

Satisfaction. Management Science, 29(5), 530‑545. 

Bansal, H. S., & Voyer, P. A. (2000). Word-of-Mouth 

Processes within a Services Purchase Decision Context. 

Journal of Service Research, 3(2), 166‑177. 

https://doi.org/10.1177/109467050032005 

Bickart, B., & Schindler, R. M. (2001). Internet forums as 

influential sources of consumer information. Journal of 

Interactive Marketing, 15(3), 31‑40. 

https://doi.org/10.1002/dir.1014 

Bilgihan, A. (2016). Gen Y customer loyalty in online 

shopping : An integrated model of trust, user experience 

and branding. Computers in Human Behavior, 61, 

103‑113. https://doi.org/10.1016/j.chb.2016.03.014 

Brown, J. J., & Reingen, P. H. (1987). Social Ties and Word-

of-Mouth Referral Behavior. Journal of Consumer 

Research, 14(3), 350‑362. 

Butler, J. K. (1991). Toward Understanding and 

Measuring Conditions of Trust : Evolution of a Conditions 

of Trust Inventory. Journal of Management, 17(3), 

643‑663. 

https://doi.org/10.1177/014920639101700307 

Cacioppo, J. T., & Petty, R. E. (1982). The need for 

cognition. Journal of Personality and Social Psychology, 

42(1), 116‑131. https://doi.org/10.1037/0022-

3514.42.1.116 

Chaiken, S., & Eagly, A. H. (1976). Communication 

modality as a determinant of message persuasiveness and 

message comprehensibility. Journal of Personality and 

Social Psychology, 34, 605‑614. 

https://doi.org/10.1037/0022-3514.34.4.605 

Chang, H.-H., & Chen, S. (2008). The impact of online store 

environment cues on purchase intention : Trust and 

perceived risk as a mediator. Online Information Review, 

32, 818‑841. 

https://doi.org/10.1108/14684520810923953 

Cheung, C., Lee, M., & Rabjohn, N. (2008). The impact of 

electronic word-of-mouth—The adoption of online 

opinions in online customer communities. Internet 

Research, 18, 229‑247. 

https://doi.org/10.1108/10662240810883290 

Cheung, C. M. K., & Thadani, D. R. (2012). The impact of 

electronic word-of-mouth communication : A literature 

analysis and integrative model. Decision Support 

Systems, 54(1), 461‑470. 

https://doi.org/10.1016/j.dss.2012.06.008 

Chu, S.-C., & Kim, Y. (2011). Determinants of consumer 

engagement in electronic word-of-mouth (eWOM) in 

social networking sites. International Journal of 

Advertising, 30(1), 47‑75. https://doi.org/10.2501/IJA-

30-1-047-075 

Culnan, M. J., & Armstrong, P. K. (1999). Information 

privacy concerns, procedural fairness, and impersonal 

trust : An empirical investigation. Organization science, 

10(1), 104‑115. 

Davis, F. (1989). Perceived Usefulness, Perceived Ease of 

Use, and User Acceptance of Information Technology. MIS 

Quarterly, 13(3), 319‑340. 

https://doi.org/10.2307/249008 

Demba, D., Chiliya, N., Chuchu, T., & Ndoro, T. (2022). How 

user-generated content advertising influences consumer 

attitudes, trust and purchase intention of products and 

services. Communicare: Journal for Communication 

Studies in Africa, 38(1), 136‑149. 

https://doi.org/10.36615/jcsa.v38i1.1548 

Doney, P. M., & Cannon, J. P. (1997). An examination of the 

nature of trust in buyer–seller relationships. Journal of 

Marketing, 61, 35‑51. https://doi.org/10.2307/1251829 



 

 

Erkan, I., & Evans, C. (2016). The influence of eWOM in 

social media on consumers’ purchase intentions : An 

extended approach to information adoption. Computers 

in Human Behavior, 61, 47‑55. 

https://doi.org/10.1016/j.chb.2016.03.003 

Fang, Y.-H. (2014). Beyond the Credibility of Electronic 

Word of Mouth : Exploring eWOM Adoption on Social 

Networking Sites from Affective and Curiosity 

Perspectives. International Journal of Electronic 

Commerce, 18, 67‑102. 

https://doi.org/10.2753/JEC1086-4415180303 

Fathima Nushra, M. N., & Mubarak, K. M. (2022). Influence 

of Customer Generated e-WOM on Purchase Intention of 

Cosmetic Products in Sri Lanka. Sri Lanka Journal of 

Marketing, 8(0), 92. 

https://doi.org/10.4038/sljmuok.v8i0.96 

Fishbein, M., & Ajzen, I. (1975). Belief, attitude, intention 

and behaviour : An introduction to theory and research 

(Vol. 27). 

Fornell, C., Johnson, M. D., Anderson, E. W., Cha, J., & 

Bryant, B. E. (1996). The American Customer Satisfaction 

Index : Nature, purpose, and findings. Journal of 

Marketing, 60(4), 7‑18. 

https://doi.org/10.2307/1251898 

Gerbing, D. W., & Hamilton, J. G. (1996). Viability of 

exploratory factor analysis as a precursor to confirmatory 

factor analysis. Structural Equation Modeling: A 

Multidisciplinary Journal, 3(1), 62‑72. 

https://doi.org/10.1080/10705519609540030 

Hao Suan Samuel, L., Balaji, M. S., & Kok Wei, K. (2015). An 

Investigation of Online Shopping Experience on Trust and 

Behavioral Intentions. Journal of Internet Commerce, 

14(2), 233‑254. 

https://doi.org/10.1080/15332861.2015.1028250 

Hennig-Thurau, T., Gwinner, K. P., Walsh, G., & Gremler, D. 

D. (2004). Electronic word-of-mouth via consumer-

opinion platforms : What motivates consumers to 

articulate themselves on the Internet? Journal of 

Interactive Marketing, 18(1), 38‑52. 

https://doi.org/10.1002/dir.10073 

Herr, P. M., Kardes, F. R., & Kim, J. (1991). Effects of Word-

of-Mouth and Product-Attribute Information on 

Persuasion : An Accessibility-Diagnosticity Perspective. 

Journal of Consumer Research, 17(4), 454‑462. 

Kudeshia, C., & Kumar, A. (2017). Social eWOM : Does it 

affect the brand attitude and purchase intention of 

brands? Management Research Review, 40(3), 310‑330. 

https://doi.org/10.1108/MRR-07-2015-0161 

Lee, H.-H., & Kim, J. (2010). Investigating Dimensionality 

of Multichannel Retailer’s Cross-Channel Integration 

Practices and Effectiveness : Shopping Orientation and 

Loyalty Intention. Journal of Marketing Channels, 17(4), 

281‑312. 

https://doi.org/10.1080/1046669X.2010.512859 

Lee, M. K. O., & Turban, E. (2001). A Trust Model for 

Consumer Internet Shopping. International Journal of 

Electronic Commerce, 6(1), 75‑91. 

https://doi.org/10.1080/10864415.2001.11044227 

Li, B., Zhu, M., Jiang, Y., & Li, Z. (2016). Pricing policies of a 

competitive dual-channel green supply chain. Journal of 

Cleaner Production, 112, 2029‑2042. 

https://doi.org/10.1016/j.jclepro.2015.05.017 

Liaw, G.-F., Kao, H., & Yu, W.-C. (2022). The Influence of 

User-Generated Content (UGC) on Consumer Purchase 

Intention. 9(5). 

Litvin, S. W., Goldsmith, R. E., & Pan, B. (2008). Electronic 

word-of-mouth in hospitality and tourism management. 

Tourism Management, 29(3), 458‑468. 

https://doi.org/10.1016/j.tourman.2007.05.011 

Lleras, C. (2005). Path analysis. Encyclopedia of social 

measurement, 3(1), 25‑30. 

López, M., & Sicilia, M. (2014). Determinants of E-WOM 

Influence : The Role of Consumers’ Internet Experience. 

Journal of Theoretical and Applied Electronic Commerce 

Research, 9(1), 7‑8. https://doi.org/10.4067/S0718-

18762014000100004 

Mahmud, Md. S., Islam, Md. N., Ali, Md. R., & Mehjabin, N. 

(2020). Impact of Electronic Word of Mouth on 

Customers’ Buying Intention Considering Trust as a 

Mediator : A SEM Approach. Global Business Review, 

097215092097634. 

https://doi.org/10.1177/0972150920976345 

Mayer, R. C., Davis, J. H., & Schoorman, F. D. (1995). An 

Integrative Model of Organizational Trust. The Academy 

of Management Review, 20(3), 709‑734. 

https://doi.org/10.2307/258792 

Mehyar, H., Saeed, M., Baroom, H., Aljaafreh, A., & Al-

Adaileh, R. (2020). THE IMPACT OF ELECTRONIC WORD 

OF MOUTH ON CONSUMERS PURCHASING INTENTION. 

Journal of Theoretical and Applied Information 

Technology, 98, 183‑193. 

Nunnally, J. C. (1978). Psychometric Theory (2e édition). 

McGraw-Hill Inc.,US. 

Park, D.-H., Lee, J., & Han, I. (2007). The Effect of On-Line 

Consumer Reviews on Consumer Purchasing Intention : 

The Moderating Role of Involvement. International 

Journal of Electronic Commerce, 11(4), 125‑148. 

https://doi.org/10.2753/JEC1086-4415110405 



 

 

Pedersen, S. T., Razmerita, L., & Colleoni, E. (2014). 

Electronic Word-of-Mouth Communication and 

Consumer Behaviour—An Exploratory Study of Danish 

Social Media Communication Influence. LSP Journal - 

Language for Special Purposes, Professional 

Communication, Knowledge Management and Cognition, 

5(1), Article 1. 

https://rauli.cbs.dk/index.php/lspcog/article/view/429

7 

Petty, R. E., & Cacioppo, J. T. (1986). Communication and 

Persuasion. Springer. https://doi.org/10.1007/978-1-

4612-4964-1 

Pourabedin, Z., & Migin, M. (2015). Hotel experience and 

positive electronic word of mouth (e-WOM). International 

Business Management, 9, 596‑600. 

https://doi.org/10.3923/ibm.2015.596.600 

Prendergast, G., Ko, D., & Siu Yin, V. Y. (2010). Online word 

of mouth and consumer purchase intentions. 

International Journal of Advertising, 29(5), 687‑708. 

https://doi.org/10.2501/S0265048710201427 

Revilla, M. A., Saris, W. E., & Krosnick, J. A. (2014). 

Choosing the number of categories in agree—Disagree 

scales. Sociological Methods & Research, 43, 73‑97. 

https://doi.org/10.1177/0049124113509605 

Sánchez-Torres, J., Arroyo, X., Irurita, A., & Moro, M. 

(2018). Impact of Gender on the Acceptance of Electronic 

Word-of-Mouth (eWOM) Information in Spain. 63. 

https://doi.org/10.22201/fca.24488410e.2018.1428 

Severi, E., Ling, K., & Nasermoadeli, A. (2014). The Impacts 

of Electronic Word of Mouth on Brand Equity in the 

Context of Social Media. International Journal of Business 

and Management, 9. 

https://doi.org/10.5539/ijbm.v9n8p84 

Shu, M., & Scott, N. (2014). Influence of Social Media on 

Chinese Students’ Choice of an Overseas Study 

Destination : An Information Adoption Model 

Perspective. Journal of Travel & Tourism Marketing, 31, 

286‑302. 

https://doi.org/10.1080/10548408.2014.873318 

Sussman, S., & Siegal, W. (2003). Informational Influence 

in Organizations : An Integrated Approach to Knowledge 

Adoption. Information Systems Research, 14, 47‑65. 

https://doi.org/10.1287/isre.14.1.47.14767 

Tien, D. H., Amaya Rivas, A. A., & Liao, Y.-K. (2019). 

Examining the influence of customer-to-customer 

electronic word-of-mouth on purchase intention in social 

networking sites. Asia Pacific Management Review, 24(3), 

238‑249. https://doi.org/10.1016/j.apmrv.2018.06.003 

Torlak, Ö., Özkara, B., Tiltay, M., Cengiz, H., & Dülger, M. 

(2014). The Effect of Electronic Word of Mouth on Brand 

Image and Purchase Intention : An Application 

Concerning Cell Phone Brands for Youth Consumers in 

Turkey. Journal of Marketing Development and 

Competitiveness. 

Wallace, D., Walker, J., Lopez, T., & Jones, M. (2009). Do 

Word Of Mouth And Advertising Messages On Social 

Networks Influence The Purchasing Behavior Of College 

Students? Journal of Applied Business Research (JABR), 

25(1), Article 1. 

https://doi.org/10.19030/jabr.v25i1.1052 

Watts, S., & Wyner, G. (2011). Designing and theorizing 

the adoption of mobile technology‑mediated ethical 

consumption tools. Information Technology & People, 

24(3), 257‑280. 

https://doi.org/10.1108/09593841111158374 

Wu, M. (2013). Relationships among Source Credibility of 

Electronic Word of Mouth, Perceived Risk, and Consumer 

Behavior on Consumer Generated Media. 

https://www.semanticscholar.org/paper/Relationships-

among-Source-Credibility-of-Word-of-

Wu/163e058b8ccbd0972139055aeccb514ad8e35e38 

Yan, X., Shah, A., Zhai, L., Khan, S., & Shah, A. (2018). 

Impact of Mobile Electronic Word of Mouth (EWOM) on 

Consumers Purchase Intentions in the Fast-Causal 

Restaurant Industry in Indonesia. 

https://doi.org/10.24251/HICSS.2018.479 

Yaseen, S., & Mat Jusoh, D. N. (2021). THE INFLUENCE OF 

ELECTRONIC WORD OF MOUTH IN SOCIAL MEDIA ON 

CONSUMERS’ PURCHASING INTENTIONS IN JORDAN. 

İlköğretim Online, 20, 850‑857. 

https://doi.org/10.17051/ilkonline.2021.04.92 

Zhang, X., Li, S., Burke, R. R., & Leykin, A. (2014). An 

Examination of Social Influence on Shopper Behavior 

Using Video Tracking Data. Journal of Marketing, 78(5), 

24‑41. https://doi.org/10.1509/jm.12.0106 


